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(QUANTITATIVE RESULTS

Our Our (Given A)
CIEDE2000 SSIM  CIEDE2000

Ren et al. |2]
CIEDE2000 SSIM

Berman et al. |1]
SSIM  CIEDE2000 SSIM

Fattal dataset 0.941 8.44 0.8 19.266 0.862 19.651 0.944 6.919
D-Hazy: NYU 0.73 13.33 . . 0.73 13.78 0.794 13.036
D-Hazy: Middlebury (0.838 11.339 0.819 15.669 0.841 13.201 - .
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